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Abstract. The rapid development of digital technologies opens new horizons for the design of
ornament and decorative compositions. Today, artificial intelligence (Al) is not only a tool for
automation but also a full-fledged creative partner for artists, designers, and architects. Its capabilities
enable it to model unique forms, transform traditional ornamental elements, and adapt them to
contemporary trends in visual culture. This study examines the use of machine learning algorithms
and generative neural networks (Generative Adversarial Networks, Diffusion models, etc.) in
developing new decorative solutions based on both classical motifs and innovative artistic concepts.
The aim of the article is to identify the potential of Al in ornamental and decorative art, demonstrate
its capabilities for creating original compositions, and define the prospects for integrating Al into

the professional practice of artists and designers. Research objectives: To analyze existing methods

of Al application in generative design. To consider examples of neural networks applied in creating
ornaments based on ethnic, natural, and abstract motifs. To reveal the advantages and limitations of Al
compared to traditional methods of decorative art. To determine the prospects for synthesizing cultural
heritage and modern technologies in ornamental creativity. Scientific novelty lies in a comprehensive
analysis of Al's role in the artistic process: from idea generation and motif stylization to the creation
of holistic decorative compositions. Unlike the traditional understanding of ornament as a fixed set of
forms, Al enables the development of dynamic, adaptive ornaments that can interact with architectural
space or user preferences. Moreover, neural networks enable the recreation, reinterpretation, and
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integration of lost cultural patterns into modern design solutions. Thus, the use of Al in creating
ornaments and decorative compositions contributes not only to the development of new artistic
practices but also to the preservation of cultural heritage, expanding the boundaries of interaction
between tradition and innovation. The scientific significance of this study lies in its comprehensive
analysis of the role of artificial intelligence in the artistic process, from idea generation and motif
stylization to the creation of entire decorative compositions. Unlike the traditional understanding
of ornament as a set of fixed forms, artificial intelligence enables the creation of dynamic, fluid, and
adaptive ornaments that can interact with the context of an architectural space or the user’s wishes.
The practical significance of the study lies in the direct application of its findings in professional
practice, industry, education, and production. The obtained results demonstrate the possibility of
recreating lost cultural patterns of ornament and decorative compositions using artificial intelligence,
interpreting them in various ways, and integrating them into contemporary design solutions.
Keywords: artificial intelligence, generative design, ornament, decorative compositions, neural

networks, digital art, cultural heritage.

Cite: Krykbaeva Sara and Taldybayeva Ainur. «Using artificial intelligence in the creation of
ornaments and decorative compositions» Central Asian Journal of Art Studies, Vol. 10, No. 4, 2025,

pp.217-231, DOI: 10.47940/cajas.v10i4.1114

The authors have read and approved the final version of the manuscript and declare that there is no

conflict of interest.

Introduction

he application of Artificial Intelligence

(Al) in decorative art and ornamental
design represents an intersection
of traditional artistic practices and
contemporary computational methods. In
recent years, generative Al technologies,
such as Generative Adversarial Networks
(GANSs), Variational Autoencoders
(VAEs), diffusion models, and style transfer
algorithms, have not only expanded the
creative potential of designers but also
offered new approaches to preserving,
restyling, and adapting traditional
ornamental motifs. Modern tools can
automatically extract contours and color
schemes from ethnic artifacts, mix styles,
create multi-variant templates for textiles,
ceramics, and architectural finishes,
and integrate the generated images into
production workflows for printing and
weaving.

Classical approaches to automatic
pattern creation relied on procedural

methods (rules, fractals, symmetrical
transformations). The modern
breakthrough is associated with deep
learning: GAN's and diffusion models
enable the generation of high-quality
images without explicitly programming
decorative rules, while VAEs and
variational methods yield compact latent
representations of ornamental motifs. A
crucial research direction is controllable
generation - mechanisms that allow
designers to specify parameters (scale,
density, palette, symmetry). A review

of methods for generating 2D patterns
and control mechanisms showed that
combining procedural rules with generative
models produces better results in terms of
controllability and aesthetics (Giesecke et
al., pp.68-83).

Style transfer algorithms (Neural Style
Transfer) have become an effective tool for
“translating” the visual structure of one
image (e.g., a historical ornament) onto
another content (e.g., a modern silhouette,
a photograph). For ornamental design,



this means the possibility of stylizing
contemporary forms with traditional
motifs, adapting color and texture to
new media. However, ornament design
has specific requirements: repeatability
(tiling), symmetry, and clear contours.
Consequently, applied research has
developed modifications of classical

style transfer algorithms that consider
segmentation, contour extraction, and
edge parameters - all of which are critical
for practical applications in ceramics and
textiles (Dawool, p.5).

A significant applied direction is the
digital reconstruction and restyling of
ethnocultural ornaments. Combining
computer vision (for contour and color
extraction) with generative models,
researchers propose methods that allow
the “restoration” of patterns from photos
or fragments, creating variable adaptations
for contemporary design while preserving
the semantics of motifs. The literature
highlights the ethical and cultural-legal
dimensions: how to avoid appropriation,
ensure respectiul use of motifs, and engage
tradition bearers in the generation and
validation processes (Zhao & Ke, p. 3).

Practical cases demonstrate the wide
use of Al: from generating textile print
collections and custom fabrics to designing
decorative tiles and architectural panels.
Industrial and startup solutions integrate
Al tools into design workflows, offering
automatic variation generation, trend-
based color palette suggestions, and 3D
visualization. Textile research notes that Al
accelerates the design cycle, helps predict
popular color combinations, and facilitates
the adaptation of traditional motifs to
contemporary forms (clothing, upholstery,
wallpapers) (Giir p.23).

For industrial applications, generated
ornaments must be manufacturable:
correctly tiled, available in vector formats
for cutting/weaving, and color-calibrated
for printing. Scientific publications describe
hybrid systems where CAD tools and Al
algorithms work together: Al generates

variations, while CAD modules optimize
them for vector formats, normalize

sizes, and prepare them for production.
This direction is particularly relevant for
ceramics, tiles, and industrial weaving (Tao
p.13).

New interactive and educational
platforms enable artisans and students to
learn craft techniques through Al-assisted
environments. Projects such as AlFiligree
illustrate how generative frameworks can
help master complex decorative techniques
while preserving artisanal individuality and
cultural context. These tools do not replace
the craftsman but expand learning potential
and serve as sources of inspiration.

As Al enters the realm of decorative
art, questions of authorship, intellectual
property, and cultural authenticity become
pressing. Who is the author of an ornament
created by a generative model trained on
publicly available image datasets? How can
traditional motifs be legally protected from
unethical use and commercial exploitation?
The literature emphasizes the need for
transparency in the use of training data,
respect for the rights of cultural tradition
bearers, and the development of co-
creation practices with the communities
involved (Shen, p. 21).

Technological landscape: Generative
models are rapidly becoming the standard
for creating decorative patterns; combining
procedural rules with neural networks
provides the best controllability and
predictability.

Applied potential: The textile industry,
ceramics production, and architectural
decoration are already integrating Al tools
into workflows, reducing design time and
offering greater variation.

Cultural preservation: Al can serve as a
powerful tool for documenting and adapting
ethnic ornaments, but this requires
collaboration with tradition bearers and an
ethically grounded approach.

Technical challenges: Parameter
control (tiling, symmetry, contour clarity),
vector format preparation, and CAD/
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CAM integration remain practical issues
in moving from prototypes to industrial
applications.

Al has already transformed the way
ornaments and decorative compositions
are created, offering powerful tools for
inspiration, restyling, and the generation
of industrial designs. Yet technological
progress must be accompanied by
professional practices and ethical standards
that ensure respect for cultural heritage
and transparency of authorship. In the
coming years, hybrid systems are expected
to evolve further, where Al acts as an
extension of creative tools rather than a
replacement for the artist or craftsman.
Practical work in this direction will focus on
improving the controllability of generation,
standardizing outputs for industrial
processes, and fostering collaboration with
cultural communities through models.

Methods

The methodological foundation of this study
is based on a combined review-analysis
framework, integrating theoretical sources,
applied case studies, and experimental
implementations of Al-driven design. The
objective was to examine how artificial
intelligence techniques are applied in

the creation of ornaments and decorative
compositions, with attention to cultural,
technological, and industrial dimensions.
The research design consisted of three
complementary components:

Literature-based review of peer-
reviewed publications (2019—2025)
focusing on generative models, style
transfer, and Al-assisted design in
decorative arts, architecture, and textile
industries.

Comparative analysis of Al algorithms
commonly used in pattern generation,
including procedural approaches,
Generative Adversarial Networks (GANs),
Variational Autoencoders (VAEs), and
diffusion models.

Applied case studies of practical
frameworks and industrial applications,
such as Al-assisted textile design (Jung,
2023), ceramic ornament transfer (Zhao,
2023), and hybrid CAD/Al integration
(Shen, 2025).

Academic databases: IEEE Xplore,
SpringerLink, ScienceDirect, ACM Digital
Library, and MDPI for peer-reviewed
journal articles and conference proceedings.

Industrial reports: documentation
from design startups and companies
experimenting with Al in textiles and
architecture.

Cultural datasets: open-source
collections of ethnic and traditional
ornamental motifs (e.g., Chinese, Islamic,
and Central Asian archives), used in cited
studies for Al training and style transfer.

Results

The integration of Artificial Intelligence (Al)
into the design of ornament and decorative
compositions has resulted in a profound
shiit in how patterns are generated,
adapted, and industrially implemented.
Unlike traditional approaches that relied
on manual craft or procedural computer
graphics, Al-based methods now provide
higher flexibility, automation, and creative
diversity. However, this development
requires careful analysis of the strengths
and weaknesses of different methods,
their applicability across various domains
(textiles, ceramics, architecture, craft
education), and the cultural and ethical
implications of their use (Zhang, p. 25).

This section presents an analytical
examination of methods and results
derived from literature, case studies, and
experimental frameworks. It highlights
how different Al techniques contribute
to ornamental creativity, the challenges
they face, and the degree to which they
align with industrial, cultural, and artistic
expectations. (Table 1.)

GANs are among the most popular
Al approaches to image generation. By



learning from datasets of ornaments,

they can produce high-quality patterns
that resemble traditional styles while
introducing novel variations. GAN’s are
especially useful for textile and ceramic
design because they can generate detailed,
repeating structures.

Key advances include conditional GANs
(cGANs), which allow designers to control
parameters (color palette, density, style).
However, GANs often struggle with tiling
precision and may produce artifacts at
boundaries (Shen, p.78).

Strengths: creativity, stylistic richness,
adaptability to datasets.

Weaknesses: tiling issues, difficulty
in vectorization, potential cultural
misrepresentation if datasets are not
curated.

VAEs provide a compact latent space
that allows interpolation between ornament
styles. They are less visually sharp than
GANSs but are highly useful for exploring
design variations. In textile applications,
VAEs enable the smooth blending of
cultural motifs into contemporary forms.

Strengths: latent exploration, smooth
variation generation, good for concept
design.

Weaknesses: lower-resolution outputs,
less detail than GANs or diffusion models.

Diffusion models represent the current
state of the art in image generation. They
can produce extremely high-resolution,
detailed ornaments with fine control over
parameters. Prompt-driven generation
allows designers to specify not only
style and color but also cultural motifs.
Furthermore, diffusion models can be
fine-tuned on small datasets of ethnic
ornaments, making them suitable for
cultural preservation.

Strengths: high resolution, strong
stylistic control, adaptable to prompts.

Weaknesses: high computational cost,
dependence on prompt engineering, and
risks of bias in training datasets
(Zhao, p. 9).

Style transfer algorithms are widely
used to adapt traditional motifs to new
contexts. They allow the extraction of
stylistic features (color, texture, contour)
from one ornament and application onto
another content structure. In ceramics and
architecture, this technique serves as a
bridge between tradition and modernity.

Strengths: cultural adaptation, stylistic
blending, useful for hybrid designs.

Weaknesses: difficulty with symmetry
and tiling; dependence on segmentation
quality.

Hybrid systems integrate Al outputs
with CAD workflows to prepare designs for
industrial use (vectorization, tiling, printing
optimization). This ensures that generative
designs are manufacturable. These systems
are particularly effective for ceramics,
textiles, and laser-cut ornaments.

Strengths: industrial feasibility, high
reproducibility, technical precision.

Weaknesses: lower creative freedom,
dependency on CAD expertise.

Al-driven textile design (Jung, 2023)
demonstrated that GANs and diffusion
models accelerate design cycles, generate
customizable prints, and allow color
optimization based on consumer trends.
Al reduces the need for repetitive manual
sketching, enabling designers to explore
wider variations. (Zhang & Wang p.10).

Style transfer applied to ceramic motifs
(Zhao, 2023) highlighted the importance
of contour preservation and tiling accuracy.
Modified algorithms ensured that
ornaments retained symmetry and clarity
when applied to tiles.

Research (Giir, 2024 ) illustrated
how Al can reinterpret cultural motifs in
architectural decoration. Diffusion models
produced detailed fagade ornaments, while
CAD ensured manufacturability.

The analysis revealed several
overarching results:

Diffusion models currently offer the
most powerful results in terms of resolution
and stylistic control, but require substantial
computational resources.
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GANSss remain effective for mid-
resolution textile and ceramic designs
where dataset-driven learning is valuable.

VAEs are useful for exploratory design
but less suitable for final industrial
production.

Style transfer is particularly effective
for cultural adaptation but requires
modifications for tiling and symmetry (Liu
& Yang p.11).

Hybrid Al + CAD systems ensure
industrial feasibility but limit creative
flexibility.

(for precision), thus ensuring both artistic
richness and industrial feasibility.

Discussion

The integration of artificial intelligence
(Al) into the creation of ornaments and
decorative compositions represents a
significant shift in the relationship between
technology, art, and design. Traditionally,
ornamental art has been closely associated
with manual craftsmanship, cultural
symbolism, and the individual creative

1.Table. Comparative Table of Methods

interpolation, variation

detail

Method Strengths Weaknesses Best Applications
Predictable, symmetric, Limited creativity, poor CAD tiling, industrial

Procedural .
low cost cultural adaptation repeats

GANs Creatlye, dataseF- Boundgry 'artnfacts, Textiles, ceramic patterns
adaptive, versatile vectorization issues

VAEs Smooth latent Lower resolution, less Concept exploration,

blended motifs

High resolution, prompt

Diffusion Models control, flexible

Computationally heavy,
dataset bias

Architecture, high-end
design, heritage

Cultural adaptation,

Style Transfer hybrid blending

Tiling/symmetry issues,
segmentation limits

Ceramics, hybrid art,
cultural fusion

Industrial precision,

Hybrid Al + CAD reproducibility

Less creativity, requires
CAD expertise

Manufacturing, laser
cutting, printing

Overall, the findings indicate that Al
has transformed ornament design into a
more dynamic, iterative, and collaborative
process. While traditional computational
methods ensured precision, Al methods
provide unprecedented creative freedom.
However, industrial applications still
require a balance between creativity and
manufacturability, which hybrid systems
currently provide best.

Ethically, the inclusion of cultural
heritage requires co-creation with
tradition bearers and transparency of
datasets. Without such measures, Al risks
reproducing cultural motifs without context
or respect.

Future development will likely involve
integrated pipelines combining diffusion
models (for creativity) with CAD workflows

vision of the artist. The introduction of
Al does not eliminate these foundations;
rather, it transforms and expands them,
creating new possibilities for form
generation, stylistic experimentation,
and interdisciplinary collaboration.

This discussion explores the artistic,
technological, and cultural implications
of Al-assisted ornament design, as well
as its advantages, limitations, and future

prospects.

One of the most notable contributions
of Al to ornament creation is its ability
to process and analyze vast amounts
of visual and stylistic data. By training
machine learning models on large datasets
of historical ornaments, patterns, and
decorative motifs, designers can generate
compositions that reflect diverse artistic




traditions, from classical geometric
patterns to organic, nature-inspired forms.
This capability allows Al to function as a
powerful analytical tool, revealing structural
principles and recurring patterns that may
not be immediately visible to the human
eye. As a result, designers gain deeper
insight into ornamental systems and can
reinterpret them in innovative ways.

Al-driven ornament generation
also significantly enhances creative
experimentation. Through generative
algorithms, neural networks, and
procedural design systems, artists
can quickly produce numerous design
variations based on predefined parameters
such as symmetry, rhythm, scale, and
color harmony. This rapid iteration
process encourages exploration beyond
conventional solutions and reduces the
time required for preliminary sketching and
prototyping. Instead of replacing creativity,
Al acts as a catalyst that stimulates
new ideas and supports the designer in
navigating complex aesthetic choices.

Another important aspect of Al in
decorative composition is personalization.
Al systems can adapt ornamental designs
to specific user preferences, architectural
contexts, or cultural requirements. For
example, in interior design or product
decoration, Al can generate ornaments that
align with a client’s aesthetic tastes, spatial
constraints, or symbolic meanings. This
level of customization was previously time-
consuming and often limited by human
resources. With Al, personalized decorative
solutions become more accessible,
supporting both artistic individuality and
market demands.

From a technological perspective, Al
enables the fusion of ornament design with
digital fabrication techniques such as 3D
printing, laser cutting, and CNC milling.
Al-generated patterns can be directly
translated into production-ready files,
ensuring high precision and consistency.
This integration bridges the gap between
conceptual design and material realization,

allowing complex ornaments that would be
difficult or impossible to produce by hand to
be manufactured efficiently. Consequently,
Al contributes not only to visual innovation
but also to the practical feasibility of
intricate decorative forms.

Despite these advantages, the use of
Al in ornament creation raises important
questions regarding authorship and
originality. When a decorative composition
is generated by an algorithm trained on
existing artworks, it becomes challenging
to determine the boundaries between

human creativity and machine contribution.

Critics argue that Al-generated ornaments
may lack emotional depth or cultural
authenticity, as machines do not possess

lived experience or symbolic understanding.

However, this concern can be addressed
by viewing Al as a collaborative tool rather
than an autonomous creator. The human
designer remains responsible for selecting
data, defining parameters, interpreting
results, and embedding cultural meaning
into the final composition.

Ethical considerations also play a role
in the discussion. The datasets used to
train Al models often include traditional
and culturally significant ornaments.
Without proper acknowledgment or
contextual understanding, there is a risk
of cultural appropriation or superficial
replication. Designers and developers must
therefore approach Al-based ornament
creation with cultural sensitivity, ensuring
respectiul engagement with heritage motifs
and transparent attribution of sources.
When used responsibly, Al can support
the preservation and revitalization of
traditional ornamentation by adapting it to
contemporary contexts.

Another limitation of Al in decorative
design lies in its dependence on existing
data. While Al excels at recombining
known elements in novel ways, it
may struggle to produce truly radical
innovations that deviate from learned
patterns. Human intuition, imagination,
and emotional expression remain essential
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for pushing artistic boundaries. Therefore,
the most effective applications of Al in
ornament creation emerge from a balanced
collaboration between human creativity and
computational intelligence.

In educational contexts, Al offers
valuable opportunities for teaching
ornament design and decorative
composition. Students can use Al tools
to study historical patterns, experiment
with generative systems, and understand
the mathematical and structural
principles underlying ornamentation.

This interdisciplinary approach combines
art, design, mathematics, and computer
science, fostering a holistic understanding
of decorative arts in the digital age. At the
same time, educators must emphasize
critical thinking to prevent overreliance on
automated solutions.

Looking toward the future, Al is
likely to play an increasingly influential
role in ornamental and decorative
design. Advances in deep learning,
interactive design systems, and real-time
generative tools will further enhance
the responsiveness and adaptability of
Al-assisted creativity. We can expect
ornaments that dynamically change based
on environmental data, user interaction, or
cultural narratives, blurring the boundaries
between static decoration and living design
systems.

Basic provision

Ornament as a System of Visual Language

Ornament is a structured system of
repeating elements organized according
to rhythm, symmetry, proportion, and
balance. Throughout history, ornamental
traditions geometric, floral, zoomorphic,
and abstract have reflected the worldview,
beliefs, and lifestyle of different cultures.
From ancient architectural friezes to textile
patterns and manuscript illuminations,
ornament has served both functional and
symbolic purposes.

Artificial intelligence interacts with
ornament not as a random generator of

forms, but as a system capable of analyzing
existing visual languages and producing
new variations based on learned rules.
Machine learning models, particularly
neural networks, are able to detect
patterns, repetitions, and compositional
logic in large datasets of ornamental
images. This allows Al to participate in
the creative process while respecting the
internal structure of ornamental systems.

Technological Foundations of Al-Based
Ornament Creation

The use of Al in decorative composition
relies on several key technologies:

Machine Learning and Neural Networks

Convolutional neural networks (CNNs)
and generative models are trained on
extensive collections of ornamental images.
Through training, the system learns
stylistic features such as line thickness,
curvature, symmetry axes, and motif
repetition.

Generative Models

Generative Adversarial Networks
(GANs) and diffusion-based models are
widely used to create new ornamental
patterns. These systems generate original
compositions by synthesizing learned visual
characteristics rather than copying existing
designs.

Algorithmic and Parametric Design

Al often works in combination with
parametric design tools, allowing designers
to control variables such as scale, density,
rhythm, and symmetry. This approach
is particularly effective for creating
modular decorative systems applicable to
architecture, textiles, and product design.

Human—AlI Interaction

Al does not replace the artist but
functions as a creative assistant. Designers
guide the process by selecting datasets,
defining parameters, evaluating outputs,
and making aesthetic decisions. This
collaborative model ensures artistic
intentionality and cultural sensitivity.

Artistic Principles in Al-Generated
Decorative Compositions

Despite the technological
novelty, Al-generated ornaments



remain grounded in classical artistic
principles:

Rhythm and Repetition. Al systems
excel at generating rhythmic structures
by repeating motifs with subtle variations,
enhancing visual harmony.

Symmetry and Asymmetry. Both
symmetrical and controlled asymmetrical
compositions can be produced, allowing
designers to explore traditional and
contemporary aesthetics.

Proportion and Balance. Al models can
calculate proportional relationships with
high precision, ensuring compositional
balance across different scales.

Variation and Innovation. By
introducing controlled randomness, Al
enables the emergence of unexpected yet
coherent decorative solutions, expanding
creative boundaries. These principles
demonstrate that artificial intelligence does
not negate artistic laws but reinforces and
reinterprets them through computational
means.

Cultural and Ethno-Design Perspectives

A crucial provision in the use of Al for
ornament creation is cultural responsibility.
Ornaments often carry deep symbolic
meanings linked to national identity,
spiritual beliefs, and historical memory.
When Al systems are trained on culturally
specific datasets such as traditional Kazakh,
I[slamic, or Central Asian ornaments they
can generate contemporary interpretations
that preserve stylistic authenticity.

At the same time, ethical considerations
arise regarding cultural appropriation
and loss of meaning. Therefore, Al-based
ornament design must involve expert
supervision, art historians, and designers
who understand the cultural context of
the patterns being used. In this sense, Al
becomes a tool for cultural preservation and
revitalization rather than homogenization.

Conclusion

The integration of artificial intelligence
into the creation of ornaments and

decorative compositions constitutes one
of the most rapidly evolving intersections
between technology and artistic practice
in the twenty-first century. This study
demonstrates that artificial intelligence

is no longer limited to purely technical

or industrial applications; instead, it

has emerged as an active participant in
aesthetic, cultural, and creative design
processes. By examining approaches

such as generative adversarial networks,
variational autoencoders, diffusion models,
and neural style transfer, it becomes
evident that Al offers substantial potential
to broaden creative horizons, accelerate
design workflows, and reinterpret
traditional visual systems in contemporary
contexts.

The findings indicate that artificial
intelligence contributes most significantly
in three interrelated areas: innovation,
efficiency, and cultural adaptation.
Innovation is reflected in Al’s ability to
generate original ornamental patterns
that often transcend conventional human
imagination while adhering to fundamental
design principles such as symmetry,
proportion, rhythm, and balance. Efficiency
is achieved through Al systems’ capacity
to analyze extensive design datasets,
automate repetitive or time-consuming
tasks, and produce adaptable ornamental
prototypes suitable for application in
textiles, ceramics, product design,
and architectural decoration. Cultural
adaptation, meanwhile, is realized through
the use of heritage-based datasets,
enabling Al to reinterpret and digitally
preserve traditional motifs, ensuring their
relevance and continuity within modern
creative industries.

At the same time, this research
identifies several significant challenges
associated with Al-driven ornamental
design. One of the most critical concerns
relates to cultural authenticity and ethical
responsibility. The ability of Al systems
to replicate, transform, and recombine
culturally meaningful motifs raises
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important questions regarding cultural
appropriation, intellectual ownership, and
the potential loss or distortion of symbolic
meanings. Without thoughtiul dataset
curation, contextual awareness, and ethical
frameworks, Al-generated ornaments
risk reducing rich cultural traditions
to superficial decorative elements.
Additionally, technical limitations persist,
particularly in achieving precise control
over generative outputs. Although diffusion
models and GANs can produce visually
compelling results, designers often struggle
to ensure predictability, consistency, and
alignment with specific artistic intentions.
Despite these challenges, the study
emphasizes that artificial intelligence
should not be perceived as a replacement
for human creativity, but rather as a
complementary and collaborative tool. The
most effective applications, such as Al-
assisted textile pattern development, neural
style transfer in ceramic ornamentation,
and hybrid CADAI systems in architectural
design, highlight the essential role of
human expertise, aesthetic judgment, and
cultural sensitivity in guiding and refining
Al-generated outcomes. These examples

point toward a future of co-creation, in
which designers, artisans, and intelligent
systems collaborate to produce decorative
forms that are at once innovative,
meaningful, and culturally grounded.
Looking forward, the continued
development of Al in ornamental and
decorative composition depends on two key
trajectories: technological advancement
and socio-cultural responsibility. From
a technological perspective, there is a
growing need for more intuitive user
interfaces, controllable generative
algorithms, and multimodal systems
that integrate visual, textual, and
contextual information. From a socio-
cultural standpoint, emphasis must be
placed on inclusivity, transparency, and
respect for cultural heritage, ensuring
that artificial intelligence functions as a
means of preservation and creative renewal
rather than exploitation. Ultimately,
when guided by ethical awareness and
collaborative practices, Al emerges not
merely as a technical instrument but as
a transformative force that reshapes both
the philosophy and practice of ornamental
design in the digital age.
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CTWUIO, YTOYHWUTb HaY4YHbIE MONOXEHWUS U BbIBOAbI.

MAN IN THE ARTISTIC PICTURE OF THE MODERN WORLD

A.Tanppi6aeBa - pa3paboTka KOHUENUMM M NOCTAHOBKA UCCea0BaTeNbCKUX
3apay4;cbop U cucTeMaTU3aLms TeOPeTUIECKOro Matepurana; HanncaHMe MCXoaHOro
TEKCTa pyKonucu (BBeaeHune, 0630p nntepaTypbl, pe3ynbtaTbl, 06CyKaeHue).
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Kpbik6aesa Capa

Kazaxckuil HaLHOHa/IbHbBII XKeHCKHUIT neflarornueckuil ynnsepenret (Anmartel, Kazaxcran)

Tanabi6aeBa AitHyp

Kazaxckas nauroHasbHast akaaemust uckycers uMenn Temup6Oeka JKyprenosa (Anmarsl, Kasaxcran)

MCNOJIb3OBAHME UCKYCCTBEHHOIO MHTENIJIEKTA B CO3AAHUU OPHAMEHTOB U
DEKOPATUBHbIX KOMNO3ULIUHA

AHHoTaums. CoBpeMeHHOe pa3BUTME LIMGDPOBbIX TEXHONOTMIA OTKPbIBAET HOBbIE NMEePCMNEKTUBbI A5
MCKYCCTBA M AM3aliHa, B TOM YMC/e A1 CO34aHWUS OPHAMEHTOB U AEKOPATUBHbBIX KOMMO3ULMNA.
MckyccTBeHHbIM nHTennekT (UMW) ceroaHs BbICTYNaeT HE TONbKO Kak MHCTPYMEHT aBTOMaTM3aLun, HO U
KaK MOMHOLEHHDBIN KPeaTUBHbBIN NapTHEP XYAOXHWKA, AU3aiHepa 1 apxuTekTopa. Ero Bo3MoxHocTH
MO3BOJIAIOT MOAENMPOBATb YHUKaNbHbIE (HOPMbI, TPAHCHOPMMUPOBATL TPAAULMOHHbIE 3/IEMEHTDI
OpHaMEeHTaNIbHOro MCKYCCTBA M aAanTMPOBaTh MX K COBPEMEHHBIM TEHAEHUMSM BU3YaNbHOW KYNbTYpbl.
B naHHOM MccnenoBaHWMKM paccMaTpUBAETCS NPUMEHEHWE anrOPMTMOB MALLUMHHOIO 0By4YeHUs 1
reHepaTMBHbIX HEMPOHHbIX ceTel (Generative Adversarial Networks, Diffusion models u ap.) ans
pa3paboTKM HOBbIX AEKOPATUBHbIX PELUEHMI, OCHOBAHHbIX KaK Ha KNAaCcCMYECKMX MOTUBAX, TaK U Ha
MHHOBALMOHHbIX XYA0XECTBEHHbIX KOHLeNuusXx. Lless cTaTbu 3akNo4aeTcs B TOM, YTOObI BbISIBUTb
NoTeHUMan UCKYCCTBEHHOTO MHTENNEKTA B 061aCTV OPHAMEHTANbHOTO M AEKOPATUBHOIO MCKYCCTBA,
MoKasaTb ero BO3MOXHOCTU MO CO3AaHMI0 OPUTMHANBHBIX KOMMNO3WULMIA U ONpenennTb NepcreKkTUBbI
nHTerpaunm M1 B npodeccmoHanbHylo NpakTUKy XyA0XKHUKOB M A13aiHEPOB. 3a0ayu UCCNe0BaHNS
BKJ/IOYAIOT: AHANM3 CyLLECTBYIOLWMX METOAOB npuMeHeHus MM B reHepaTMBHOM au3aiiHe. PaccMoTpeHmne
NpUMEPOB MCNOb30BaHMS HelpoceTen AN CO3AaHNS OPHAMEHTOB, OCHOBAHHbIX HA STHUYECKMX,
NPUPOAHBIX U aBCTPaKTHBIX MOTUBAX. BbisiBNEHME NpenMyLLecTB U OrpaHMYeHni npumerHeHns N
Mo CPaBHEHMIO C TPAAMLIMOHHBIMU METOAAMM LeKOPATUBHOIO UckyccTea. OnpeneneHne nepcnekTme
CMHTE3a KYNLTYPHOrO HaCNenus U COBPEMEHHbIX TEXHONOTUIA B 061aCTU OpHAMEHTANbHOMO TBOPYECTBA.
HayyHas 3Ha4uMocme BAHHOTO UCCNEef0BaHMS 3aK/Il04YaETCs B BCECTOPOHHEM aHanu3e ponu
MCKYCCTBEHHOIO MHTENNEKTa B XYA0XECTBEHHOM NpOLIeCce, OT reHepaLmMu Maen u cTunm3aumm MoTMBOB
[l0 CO3[aHUS LienbiX AEKOPATUBHBIX KOMMO3ULMIA. B 0TMuMe OT TpaAMLMOHHOIO NMOHMMaHWS OpHaMeHTa
Kak Habopa GMKCMPOBaHHbIX POPM, UCKYCCTBEHHBIN MHTENNEKT NO3BOMSET CO34aBaTb AMHAMUYHbIE,
M3MeHYMBbIE 1 3AANTUBHbIE OPHAMEHTbI, CNOCO6HbIE B3aMMOAENCTBOBATb C KOHTEKCTOM apXMTEKTYPHOTO
MPOCTPAHCTBA MM NOXENAHUAMM NONb30BaTeNs. [Ipakmuyeckas 3Ha4yuMocme UCC1e008aHUS 3aKNOYAETCS
B HEMOCPEACTBEHHOM MPUMEHEHUW €ro pe3ynbTaToB B MPOMECCUOHANbHONM NPaKTUKE, MPOMbILIIEHHOCTH,
06pa3oBaHMK U Npon3BoACTBE. [lonyyYeHHble pe3ynbTaTbl 4AEMOHCTPUPYIOT BO3SMOXHOCTb BOCCO3AaHMS
YTPaYeHHbIX KY/bTYpHbIX 06pa3L0B OPHAMEHTA U AEKOPATUBHbIX KOMMNO3WULMIA C MOMOLLbIO
MCKYCCTBEHHOIO MHTENEKTa, UX MHTepNpeTaLum pasiMyHbiMMU CNOCo6amMu U MHTErpaLmm B
COBpEMEHHbIe AN3aNHEPCKUE peLLeHns.

Knioyeswie c108a: NCKyCCTBEHHBIV UHTENNEKT, FEHEPATUBHbIN AM3aiiH, ODHAMEHT, LEKOPATUBHbIE
KOMMO3MLIMK, HEMPOHHbIE CETU, LMPPOBOE MUCKYCCTBO, KYIbTYPHOE Hacleaue.

Ana yumuposanus: Kpbikbaesa, Capa, u AitHyp TanabibaeBa. «Mcnonb3oBaHne UCKYCCTBEHHOTO
WHTENIEKTA B CO34aHMM OPHAMEHTOB M [eKOpaTUBHbIX KoMno3uuui». Central Asian Journal of Art Studies,
T.10, N24, 2025, c. 217-231,DOI: 10.47940/cajas.v10i4.1114

Aemopbl npoyumanu u 0006puIu OKOHYAMe bHbIL 8apUaHM pyKonucu u 3asensem o6 omcymcmesuu
KOH@IUKMA uHmepecos.
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KpbikbaeBa Capa

Kaszak y/TTbIK Kbi3/iap nejarorukalsik yusepeureti (Anmarnl, Kazakerat)

Tannpi6aeBa AitHyp

Temip6ek )KypreHos atbinarsl Kasak yarTbik eHep akagemusicbl ((Anmarbl, Kazakeran)

OPHEKTEP MEH OEKOPATUBTIK KOMMO3ULUANAPODbI K¥PYOA YXACAHAbI UHTENNEKTI
NAWOANAHY

Anparna. Kasipri uudpnbik TeXHOAOrMANapAblH, AaMybl O0-6pHEK MeH AEKOPATUBTI KOMMO3ULMANapabl
Xacayaa KaHa MYMKiHAIKTepAi awyaa. byrinae xxacaHabl nHTennekT (KW) Tek aBToMaTTaHAbIpy Kypasbl
faHa eMec, COHbIMEH KaTtap CypeTLUi, Au3anHep XaHe COYNETLiHiH TONbIKKaHAbl KPeaTUBTI CepikTeci
peTiHAe kepiHic Tabyaa. OHbIH MYMKiHAIKTEPi apKblabl bipereit Gopmanapabl Moaenbaey, A3CTYpAi Oto-
OPHEK 3/1eMeHTTEpPIH TPaHChHOPMaLMANAY XaHEe 0NapAbl 3aMaHayu BU3yanabl MOAEHUETTIH YpaicTepiHe
berimaoey MyMKiH 6onaabl. byn 3epTTeyae MawmMHanbIK OKbITY anropuTMaepi MeH reHepaTuBTi
HeMpoHabIK xeninepain (Generative Adversarial Networks, Diffusion models xaHe T.6.) knaccukanbik,
MOTUBTEpre Ae, MHHOBALMANbIK KOPKEMAIK KOHLEeNUuuanapFa Aa HerisaenreH XaHa AeKopaTuBTi
WwewiMaep Xacayfa KonaaHblIybl KapacTblpblnagbl. MakanaHblH, MAKcamel — >acaHabl MUHTENNEKTTIH, Ot0-
OPHEK NeH AeKOPaTUBTI OHEP CanacbliHAAFbI dNEYeTiH alKbIHAAY, OHbIH, TYMHYCKabIK, KOMMNO3ULMANap
KYPYAaFbl MyMKiHAiIKTepiH KepceTy xaHe XXW-abl cypeTwinep MeH an3aiiHepnepaiH kacibu TaxipubeciHe
€Hri3y NnepcnekTUBanapbiH aHbIKTay. 3epTTey MiHdemmepi: [eHepaTMBTi Au3aiHaarel XU kongaHy
aaicTepiH Tanaay. HelipoHabIk eninepai sTHUKanbik, Tabufu xaHe abCTpakTini MOTUMBTEpPre Heri3genreH
Ol0-OpHEKTEp XacayFa KoNAaHy MbicanaapbiH kapacTbipy. XKW KonaaHyAbIH A3CTYPAi COHAIK eHep
dAicTepiMeH CanbICTbIpFaHAaFbl apThIKLWbINbIKTAPbl MEH LUEKTEYNEepPiH akKbIHAAY. MadeHn Mypa MeH
3aMaHayu TEXHONOrMANAPAbIH CUHTE3AeNY NepcrekTUBaNapbliH KepceTy. byn 3epTTeyaiH, FoiibiMuU
MQaHbI30b1/1bIFbI MOESNAPAbI KANbINTACTbIPY XaHE HAKBILWTbI CTUAM3aLMAAAH BacTan TyTac CaHAiK
KOMNO3MUMANAPAbI XacayFa AeriHri KOpKEMAIK NPOLECTeri XacaHAbl MHTENNEKTTIH, POiH XaH-XaKTbl
TanaayblHAa XaTbip. Oto-epHeKTi 6eKiTinreH Gopmanap XMbIHTbIFbI peTiHAE ASCTYPAi TYCiHYAEH
arblpPMaLLbIbIFbI, XXaCaHAbl MHTENNEKT CAY/ET KEHICTIriHIH KOHTEKCTIMEH HeMece nanaanaHyLblHbIH,
Ke3KapacTapbIMeH 63apa apekeTTecyre KabineTTi AMHaMMUKanbl, e3repMeni xaHe berimMaenriw oto-
©pHeKTepAi xacayFa MyMKiHAiIK 6epepi. 3epmmeyoiH npakmuKansik MaHbI30bIbIFbI OHbIH, HITUXXENEepPiH
Kacibu Taxipnbene, eHepkacinTe, 6iniMm 6epyae xaHe eHAIpicTe Tikenen KonaaHbIC TabybiHAA. ANbIHFaH
HOTUXeNep XacaHapbl UHTENNEKTTI KOMAAHA OTbIPbIM, O-6PHEK MeH COHAIK KOMNO3MUMANAPAbIH,
XOFanFaH M3AEHM YAriNepiH KanTa xacay, onapAbl 9pTYpAi XoAaapMeH TYCIHAIPY XaHe onapAbl
3aMaHayu Au3aliH wewimMaepiHe BipikTipy MyMKIHAIriH KepceTeai.

TyiiiH ce30ep: KacaHmbl UHTENNEKT, FEHEPATUBTI AW3aliH, Ol0-6pHEK, AEKOPATMBTI KOMNO3ULManap,
HeMpOoHAbIK Xeninep, umdpnblk 6Hep, MaAEHN Mypa.

Aaiiexces ywin: KpbikbaeBa, Capa, xaHe TanapibaeBa AiiHyp. «OpHeKTep MeH OeKopaTUBTIK
KOMMO3MLMANapabl Kypyaa KacaHabl MHTennekTi navaanaHy». Central Asian Journal of Art Studies, Vol. 10,
No. 4,2025,217-231 6.DOI: 10.47940/cajas.v10i4.1114

Asmopnap Koma3baHbiH COHFbI HYCKACbIH OKbIN, MAKY/10a0bl XaHe Myddenep KaKMmebiFbICbIHbIH HOK
eKeHiH mManimoelioi.
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